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Transforming data into operational decisions

Only 5-10% of data collected in a typical utility are utilised 

for actionable information

(Global Water Intelligence, 2016)
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Data is getting bigger
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And more diverse
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René et al. (2015)



Predictive models
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Big Data challenges

• Data sources represent

o Different temporal dynamics

o Different spatial resolution 

(supporting scale)

o Different measurement 

uncertainties and representation 

errors
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Challenges – SMOS soil moisture
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Coarse resolution (~44 km) Bias (0.02 – 0.23  m3/m3)
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High-resolution soil moisture product based on Sentinel-1
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