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Transforming data into operational decisions

Only 5-10% of data collected in a typical utility are utilised
for actionable information

(Global Water Intelligence, 2016)
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Data Is getting bigger
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THE EARTH VIDEO CAMERA

HR Commercial Earth Observation satellites to 2024 (>50kg)
(Optical res <2.5m, SAR res <5m)

Future satellites operations
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And more diverse
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Predictive models
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Data assimilation
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Big Data challenges
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Data sources represent

O
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Different temporal dynamics

Different spatial resolution
(supporting scale)

Different measurement
uncertainties and representation
errors

Infiltration

Evapotranspiration

from soil and
water surfaces

Pumping
and recharge




Challenges — SMOS soil moisture

Coarse resolution (~44 km) Bias (0.02 — 0.23 m3/m3)
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Center for Hydrology 4
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High-resolution soil moisture product based on Sentinel-1

10 % Relative Soil Moisture Content 90 %
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Global Hydrological Model
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Physical System
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Thank you

Henrik Madsen
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